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Abstract:

Marketing analytics, as a valuable tool, assists businesses in gaining a deeper and more precise
understanding of their customers’ needs, preferences, and expectations in dynamic market conditions.
Relying on this deep insight, companies can offer high-quality products and services tailored to customer
demands, thereby significantly enhancing the customer experience. The aim of this study is to investigate the impact of marketing analytics
on customer agility and financial performance, while considering the moderating roles of market turbulence and a data-driven culture
within a detergent company. To this end, the required data were collected through a census method using a questionnaire administered
to a statistical population of 140 employees of the detergent company. This study is applied in terms of its objective, and from an
operational standpoint and in terms of data collection, it is classified as a descriptive survey. For data analysis and hypothesis testing, the
PLS (Partial Least Squares) software was employed. The findings of the study indicate that marketing analytics has a positive and significant
impact on customer agility and financial performance in the detergent company. Moreover, companies that utilize marketing analytics
more effectively are able to achieve superior performance. However, the moderating variables—namely, a data-driven culture and market
turbulence—did not significantly influence the relationship between marketing analytics and customer agility.
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Extended Abstract

Introduction

In the face of intensifying global competition, growing customer expectations, and the rapid evolution of digital
technologies, firms are increasingly relying on marketing analytics as a critical capability to maintain agility and enhance
performance outcomes. Marketing analytics serves as a powerful tool for organizations to gather, process, and analyze data
related to customers, competitors, and markets, thereby enabling more informed and proactive decision-making in a volatile
business landscape (Branda et al., 2018). Drawing upon data-driven insights, firms can optimize product development, pricing
strategies, promotional efforts, and distribution channels, all of which contribute to enhanced customer responsiveness and
organizational profitability (Ali & Shabn, 2024).

At the core of this inquiry lies the dynamic capability view, which posits that firms must develop abilities to reconfigure
internal and external competencies to address rapidly changing environments (Mikalef et al., 2021). Within this framework,
marketing analytics emerges as a dynamic capability that empowers organizations to sense, seize, and transform
opportunities in uncertain markets. When aligned with customer-oriented strategies, marketing analytics can foster customer
agility—defined as the firm’s ability to rapidly understand and respond to customer needs and preferences (Hadjielias et al.,
2022; Zhou et al., 2018). The resulting improvements in responsiveness and innovation, in turn, are believed to enhance
financial performance by aligning organizational offerings with dynamic market demands (Liang et al., 2022).

In addition to the direct impacts of marketing analytics, scholars have suggested that contextual variables such as market
turbulence and organizational culture may significantly influence the effectiveness of analytics initiatives (Chaudhuri et al.,
2021; Wong & Ngai, 2023). Specifically, a data-driven culture—where decisions are systematically guided by data rather than
intuition—has been identified as a key enabler of analytic success. Organizations with strong data cultures are more likely to
extract value from analytical capabilities and embed them in strategic decision-making processes. Similarly, in environments
characterized by high market turbulence, marketing analytics can serve as a buffer by facilitating timely market sensing and
adaptive behavior (Sheng et al., 2021; Zhou et al., 2019).

Despite the growing body of literature, empirical evidence examining the interrelations among marketing analytics,
customer agility, and financial performance in turbulent markets, particularly within manufacturing sectors, remains limited.
Moreover, the moderating roles of data-driven culture and market turbulence on these relationships have not been
extensively tested in real-world organizational settings. To address this gap, the present study investigates the impact of
marketing analytics on customer agility and financial performance in a detergent manufacturing company, while assessing
the potential moderating effects of market turbulence and data-driven culture.

Methods and Materials

This study employed a quantitative, descriptive-survey research design. The statistical population consisted of 140
managers, department heads, and supervisors in marketing and finance within a detergent manufacturing company. Given
the relatively small size of the population, a census sampling method was applied to collect data from all members. Data
collection was conducted through a structured questionnaire. The questionnaire’s validity was assessed using the average
variance extracted (AVE) and composite reliability indices. Structural equation modeling (SEM) was conducted using SmartPLS

software to test the measurement and structural models. The study evaluated the path coefficients, T-values, coefficient of
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determination (R?), and model fit indices (SRMR, NFI) to determine the strength and significance of the relationships between
variables.

Findings

The measurement model confirmed the reliability and validity of four out of five constructs, with composite reliability
scores above 0.70 and AVE values above 0.50. The construct of marketing analytics showed slightly lower reliability (CR =
0.556), but its AVE was acceptable (0.519) and retained in the analysis.

The structural model showed that marketing analytics had a positive and significant effect on customer agility (8 = 0.532,
T = 8.099) and financial performance (B = 0.334, T = 4.259). Additionally, customer agility significantly affected financial
performance (B = 0.635, T = 8.446), indicating a mediating path from analytics to performance through agility.

Market turbulence and data-driven culture had direct positive effects on both customer agility and financial performance.
However, their interaction terms with marketing analytics (i.e., moderation effects) on customer agility and financial
performance were not statistically significant. Specifically, the interaction of marketing analytics and market turbulence on
customer agility (B = -0.077, T = 1.516) and financial performance (B = -0.049, T = 1.443) were insignificant. Similarly, the
interaction of marketing analytics and data-driven culture on customer agility (B = 0.033, T=0.636) and financial performance
(B =0.021, T = 0.604) were also insignificant.

The coefficient of determination (R?) values for customer agility and financial performance were both 0.907, indicating
strong explanatory power of the model. Model fit indices SRMR (0.07) and NFI (=0.685) fell within acceptable thresholds,
confirming model adequacy.

Discussion and Conclusion

The results of this study provide compelling evidence for the positive and significant role of marketing analytics in
enhancing both customer agility and financial performance within manufacturing organizations. Companies that effectively
utilize marketing analytics can better identify and respond to evolving customer needs, enabling more rapid alignment of
products and services with market demand. This agility translates into measurable improvements in financial outcomes,
demonstrating the strategic value of analytics in a competitive context.

The study further underscores the mediating role of customer agility in the relationship between marketing analytics and
financial performance. This suggests that while analytics may directly influence financial outcomes, a significant portion of
this effect is realized through enhanced responsiveness to customers. In practice, this highlights the importance of integrating
analytics capabilities with customer engagement processes.

While the direct effects of market turbulence and data-driven culture on agility and performance were confirmed, their
hypothesized moderating roles were not statistically supported. This may suggest that these contextual factors exert
independent influences rather than conditional effects. Alternatively, it could indicate that the company under study has not
yet fully matured in embedding analytics into strategic processes, thereby limiting the observable impact of moderators.

These findings have practical implications for firms seeking to improve organizational agility and performance through
data-informed strategies. The ability to translate data into actionable insights remains a critical differentiator in dynamic
markets. To fully realize the potential of marketing analytics, firms must not only invest in technology but also cultivate
analytical capabilities across organizational levels. Doing so can enhance their capacity to sense market shifts, personalize

offerings, and ultimately achieve sustainable competitive advantage.
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