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Abstract:

This study aims to comprehensively examine the impact of various systematic risk indicators, including beta, economic policy
uncertainty, investor sentiment, and higher-order moments, on stock market returns. This applied, descriptive—analytical
study utilizes monthly panel data from 85 actively traded firms on the Tehran Stock Exchange covering 2011-2023. Data were
collected from official financial and economic databases and analyzed using multiple linear and nonlinear regression models
in EViews and Stata. Key variables included market return, beta, economic policy uncertainty index, investor sentiment index,
systematic skewness, and systematic kurtosis, while economic instability periods such as sanctions were incorporated
through interaction terms. The results indicate that beta, economic policy uncertainty, and investor sentiment exert a positive
and statistically significant effect on market returns, whereas systematic skewness shows a significant negative effect and
systematic kurtosis exhibits no significant impact. Moreover, the risk—return relationships intensify significantly during
sanction and macroeconomic instability periods, and the proposed model demonstrates satisfactory explanatory power with
an R? of 0.34. The findings confirm that systematic risk is inherently multidimensional, and reliance on beta alone is
insufficient for explaining market behavior in emerging economies, underscoring the necessity of adaptive and
comprehensive risk models for Iran’s capital market.

Keywords: Systematic risk, Market return, Economic policy uncertainty, Investor sentiment, Skewness, Kurtosis, Tehran Stock
Exchange

Citation: Haghparast, A., & Salari, A. (2026). A Multidimensional Analysis of the Relationship Between Systematic Risk Indicators and Stock Market Returns in Tehran Stock

Exchange. Accounting, Finance and Computational Intelligence, 4(4), 1-12.

Copyright: © 2026 by the authors. Published under the terms and conditions of Creative Commons Attribution-NonCommercial 4.0 International (CC BY-NC 4.0) License.


http://creativecommons.org/licenses/by-nc/4.0
http://creativecommons.org/licenses/by-nc/4.0
https://orcid.org/0000-0002-9898-4583
https://orcid.org/0000-0001-7033-1591

ACCOUNTING, FINANCE AND COMPUTATIONAL INTELLIGENCE

Extended Abstract

Introduction

Understanding the dynamics between systematic risk and stock market returns has long been a central concern in financial
economics. Traditional asset pricing frameworks emphasize beta as the primary measure of systematic risk; however,
accumulating evidence suggests that such a unidimensional perspective is insufficient, particularly in emerging and
structurally volatile markets. Contemporary financial systems are increasingly shaped by interconnected macroeconomic
forces, investor psychology, institutional constraints, and geopolitical disturbances, all of which contribute to the complexity
of systematic risk (Bali et al., 2016; Fama & French, 2015; Pampurini & Quaranta, 2025).

Emerging markets are especially vulnerable to systemic disturbances due to weaker institutional infrastructures, higher
exposure to macroeconomic shocks, and heightened sensitivity to political instability. In such environments, traditional
pricing models exhibit declining explanatory power, necessitating more adaptive, multidimensional frameworks of systematic
risk (Asadi & Najafi, 2019; Safarzadeh et al., 2020). Iran’s capital market embodies these characteristics, operating under
persistent sanctions, exchange-rate volatility, policy uncertainty, and regulatory constraints, which collectively intensify the
transmission of systematic risk across asset classes (Ghazanfari & Araghi, 2018; Ghazani & Araghi, 2018; Imf, 2021).

Recent research underscores the pivotal role of economic policy uncertainty in shaping market behavior. Fluctuations in
fiscal, monetary, and regulatory policies alter investor expectations, increase volatility, and reshape return distributions
(Baker et al., 2016; Hosseini & Ramezani, 2022; Lyu et al., 2025). Simultaneously, behavioral finance has demonstrated that
investor sentiment acts as a powerful amplifier of market cycles, particularly in markets dominated by retail investors and
constrained information environments (Gao et al., 2025; Saadati & Nemati, 2021; Sadeghi & Safari, 2020).

In parallel, higher-order risk moments—systematic skewness and kurtosis—have emerged as crucial but often neglected
components of risk assessment. These moments capture asymmetry and tail risk in return distributions and significantly
influence portfolio vulnerability and long-term market stability (Bali et al., 2016; Ghallabi et al., 2025; Mohammadi & Arab,
2023). Moreover, contemporary advances in systemic risk modeling employing network analysis, Bayesian inference, and
interpretable machine learning illustrate that financial risk propagation is non-linear, time-varying, and deeply interconnected
(Chen et al., 2025; Pallante et al., 2025; So et al., 2024; Tang et al., 2024).

Against this backdrop, this study proposes a comprehensive framework for analyzing systematic risk in the Tehran Stock
Exchange by integrating beta, economic policy uncertainty, investor sentiment, and higher-order risk moments within a
unified empirical model.

Methods and Materials

This research employs an applied, descriptive—analytical design using monthly panel data from 85 firms listed on the
Tehran Stock Exchange over the period 2011-2023. Firms were selected based on continuous market participation, data
availability, and absence of structural disruptions. Market return served as the dependent variable, while independent
variables included beta, economic policy uncertainty index, investor sentiment index, systematic skewness, and systematic
kurtosis.

Data were obtained from official stock exchange databases, financial disclosure platforms, and macroeconomic

repositories. Panel regression techniques were employed to estimate the relationships among variables. Both linear and
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nonlinear specifications were tested, and model stability was evaluated across subperiods reflecting major macroeconomic
regimes, including sanction periods and high-volatility cycles. Statistical analyses were conducted using EViews and Stata.

Findings

Empirical results reveal that beta retains a positive and statistically significant association with market returns, yet its
explanatory power remains limited when modeled independently. The inclusion of economic policy uncertainty and investor
sentiment substantially improves model performance, raising the adjusted coefficient of determination to 0.32. Economic
policy uncertainty exhibits a strong positive impact on market returns, particularly during sanction and crisis periods,
indicating that policy shocks significantly alter risk—return dynamics.

Investor sentiment is also positively and significantly related to returns, confirming the presence of pronounced behavioral
effects within the Iranian market. Systematic skewness demonstrates a negative and statistically significant coefficient,
indicating that higher probabilities of negative tail events depress long-term returns. Systematic kurtosis, while negatively
signed, does not reach conventional significance levels.

Subperiod analysis reveals that the magnitude of systematic risk effects intensifies during macroeconomic instability,
particularly under international sanctions and high inflation regimes. Overall, the model explains approximately 34% of return
variability, confirming the necessity of multidimensional systematic risk assessment.

Discussion and Conclusion

The findings of this study offer compelling evidence that systematic risk in emerging markets is inherently
multidimensional and dynamically conditioned by structural, behavioral, and policy-related forces. The persistent yet limited
influence of beta underscores the inadequacy of traditional pricing models when applied to structurally complex financial
systems. Instead, systematic risk must be conceptualized as an evolving network of interdependent forces whose interactions
shape market outcomes.

The pronounced role of economic policy uncertainty reflects the market’s sensitivity to institutional credibility and
regulatory stability. Investors respond not only to realized economic indicators but also to expectations about future policy
trajectories, which are frequently revised under volatile political and economic conditions. This mechanism generates self-
reinforcing cycles of volatility and risk amplification.

Equally important is the behavioral dimension of systematic risk. Investor sentiment acts as a transmission channel
through which psychological biases, information asymmetries, and social dynamics influence market pricing. In markets
characterized by high retail participation and limited transparency, such as Iran, these effects are magnified, producing
deviations from fundamental valuations and contributing to episodic instability.

The impact of higher-order risk moments highlights the importance of tail risk in long-term market sustainability. Negative
skewness signals an elevated likelihood of severe downturns, while elevated kurtosis reflects vulnerability to rare but
catastrophic shocks. Ignoring these dimensions leads to systematic underestimation of risk and flawed portfolio construction.

Collectively, the evidence suggests that sustainable market development in emerging economies requires abandoning
static, single-factor risk frameworks in favor of adaptive, multidimensional models. Such models better capture the true
structure of financial vulnerability and provide more robust foundations for investment strategy, regulatory design, and

macro-financial stability.
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The study concludes that effective risk management and policy formulation in emerging markets must integrate
macroeconomic uncertainty, behavioral dynamics, and distributional risk characteristics into a coherent analytical
architecture. Doing so will enhance market resilience, improve capital allocation efficiency, and mitigate the systemic
fragilities that continue to challenge financial systems in volatile economic environments.
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