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Abstract:

This study aims to identify the barriers to implementing Al-based bankruptcy prediction models in Iranian N/

organizations. This qualitative study was conducted using an inductive content analysis approach. Data were collected through semi-

structured interviews with 30 financial managers, Al specialists, and economic analysts in organizations based in Tehran. Participants were
selected purposefully, and data collection continued until theoretical saturation was reached. The data analysis was performed using NVivo
software, and the coding process consisted of three stages: open coding, axial coding, and selective coding. The results indicated that
barriers to implementing Al-based bankruptcy prediction models fall into four main categories: technological barriers, organizational and
managerial barriers, financial and economic challenges, and human and cultural factors. Key obstacles identified included infrastructure
deficiencies, data analysis complexity, managerial resistance to change, high implementation costs, and a lack of trust among employees
in Al-driven decisions. The findings suggest that for the successful adoption and implementation of Al-based bankruptcy prediction models,
companies should focus on both technological infrastructure development and training programs for managers and employees.

Additionally, policy support and financial incentives from governmental and regulatory bodies can help mitigate existing barriers.
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Extended Abstract

Introduction

Bankruptcy is one of the critical concerns in financial management and corporate governance, as it poses significant
economic and social consequences. Predicting bankruptcy with high accuracy is essential for stakeholders, including
investors, creditors, and policymakers, to make informed decisions and mitigate risks. Traditional statistical models, such as
discriminant analysis and logistic regression, have been widely used for bankruptcy prediction. One of the most well-known
models, Altman’s Z-score, introduced in 1968, has been extensively applied in financial distress analysis (Altman, 1968).
However, these models have several limitations, including their reliance on linear relationships between financial ratios and
bankruptcy probability, as well as their sensitivity to data distributional assumptions. Consequently, traditional approaches
have been criticized for their limited predictive power, especially in complex financial environments (Chen, 2020).
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With advancements in artificial intelligence (Al), machine learning techniques have been introduced as powerful
alternatives to traditional bankruptcy prediction models. Al-based models, including artificial neural networks, support vector
machines, and deep learning algorithms, have demonstrated superior performance in handling complex, non-linear
relationships in financial data (Jones & Wang, 2019). Al models can process large volumes of financial information, detect
hidden patterns in data, and improve predictive accuracy (Zhang et al., 2021). Despite these advantages, the successful
implementation of Al-driven bankruptcy prediction models in organizations faces multiple challenges. Key barriers include
data quality issues, lack of adequate infrastructure, organizational resistance, and financial constraints (Kou et al., 2021).

One of the most significant challenges in implementing Al-based bankruptcy prediction is the availability of high-quality
financial data. Many firms struggle with incomplete or inaccurate financial records, which negatively impact Al model
performance. Additionally, standardization issues make it difficult to apply Al models universally across different industries
and regulatory frameworks (Jones & Wang, 2019). Another critical barrier is organizational resistance. Many executives and
financial managers are hesitant to adopt Al-driven financial decision-making due to concerns about losing control over
strategic financial processes (Brock & Wangenheim, 2019). A study by Bughin et al. (2018) further highlights that firms with
leaders who lack sufficient knowledge about Al exhibit higher resistance to adopting Al-based financial tools. Moreover, the
high cost of Al implementation, combined with uncertainty regarding return on investment, discourages many organizations
from investing in Al-driven bankruptcy prediction models (Makridakis et al., 2020).

Cultural and human factors also play a crucial role in Al adoption. Employees in financial departments often fear that Al-
based automation may replace their roles, leading to job insecurity (Frey & Osborne, 2017). Additionally, a lack of Al expertise
among financial professionals further complicates the adoption process, as firms need to invest in training programs or hire
Al specialists (Wilson et al., 2017). Furthermore, trust in Al-generated financial decisions remains a major issue. Many financial
managers and analysts prefer traditional methods over Al-driven predictions due to skepticism regarding the reliability and
interpretability of Al decisions (Huang et al., 2020).

Given these challenges, this study aims to explore the barriers to implementing Al-based bankruptcy prediction models in
Iranian organizations through a qualitative research approach. By identifying key obstacles and their underlying causes, this
study seeks to provide insights that can facilitate the adoption of Al in financial decision-making.

Methods and Materials

This study employed a qualitative research design using inductive content analysis to explore the barriers to implementing
Al-based bankruptcy prediction models. The research utilized semi-structured interviews as the primary data collection
method. A total of 30 participants, including financial managers, Al specialists, and economic analysts, were selected through
purposive sampling. The participants were professionals from organizations based in Tehran, ensuring that they had relevant
experience in financial decision-making and Al-based modeling. Data collection continued until theoretical saturation was
reached, ensuring comprehensive coverage of the subject matter.

The interviews were transcribed and analyzed using NVivo software. The data analysis followed a three-step coding
process: open coding, axial coding, and selective coding. In the open coding stage, initial codes were extracted from the
interview transcripts. Axial coding was then performed to establish relationships between different categories, followed by
selective coding to identify the core themes that emerged from the data. The analysis focused on identifying technological,

organizational, financial, and human-related barriers to Al adoption in bankruptcy prediction.
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Findings

The results indicated that the barriers to implementing Al-based bankruptcy prediction models can be classified into four
main categories: technological barriers, organizational and managerial barriers, financial and economic challenges, and
human and cultural factors.

Technological barriers included the complexity of Al models, inadequate technological infrastructure, and data quality
issues. Participants reported that Al-driven bankruptcy prediction models require highly sophisticated computational
capabilities and expertise, which many organizations lack. Moreover, outdated IT systems and limited cloud computing
capabilities in firms were cited as major challenges in implementing Al solutions. Another significant issue was the lack of
standardized and high-quality financial data, which affected the reliability of Al-based predictions.

Organizational and managerial barriers encompassed resistance to change, lack of managerial support, and the absence
of strategic planning for Al adoption. Many executives expressed concerns about delegating financial decision-making to Al-
driven models, fearing that it would reduce their control over financial strategies. Additionally, the organizational culture in
many firms was found to be risk-averse, making it difficult for Al technologies to gain acceptance. The absence of clear
implementation strategies and insufficient managerial awareness about Al benefits further hindered adoption.

Financial and economic challenges were another key category identified in the findings. The high costs associated with Al
implementation, including software acquisition, infrastructure upgrades, and hiring Al specialists, were considered significant
barriers. Furthermore, participants highlighted the uncertainty regarding the financial returns of Al adoption, which made
many organizations hesitant to invest in Al-driven bankruptcy prediction models. Economic instability and regulatory
unpredictability in Iran were also identified as external factors affecting Al adoption in financial decision-making.

Human and cultural factors played a crucial role in shaping attitudes toward Al adoption. Employee resistance to Al was a
major theme, as many professionals in the finance sector feared that Al automation would render their roles obsolete.
Additionally, the lack of Al-related skills among financial analysts and accountants was seen as a barrier to the effective use
of Al models. Another key issue was trust in Al-driven decisions; many participants indicated skepticism about the accuracy
and interpretability of Al models, which led to reluctance in adopting Al solutions.

Discussion and Conclusion

The findings of this study provide valuable insights into the challenges organizations face when implementing Al-based
bankruptcy prediction models. Technological barriers, such as insufficient IT infrastructure and data quality issues, highlight
the need for significant investment in digital transformation before Al can be effectively utilized. Organizations must focus
on upgrading their IT capabilities and ensuring data integrity to improve the accuracy and reliability of Al-driven predictions.

Organizational and managerial barriers emphasize the importance of leadership commitment and strategic planning in Al
adoption. Firms should work towards fostering a culture of innovation where Al is perceived as a valuable tool rather than a
disruptive force. Training programs for managers and decision-makers can help alleviate concerns about Al replacing human
judgment and encourage informed Al adoption strategies.

Financial and economic challenges underscore the necessity for cost-benefit analyses to justify Al investments.
Policymakers and regulatory bodies can play a crucial role in mitigating these challenges by providing financial incentives for
Al adoption. Additionally, organizations can explore phased Al implementation strategies to manage costs while gradually

integrating Al into financial decision-making processes.
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The human and cultural factors identified in this study highlight the need for workforce upskilling and awareness
campaigns to facilitate Al acceptance. Companies should invest in Al education and training programs to equip employees
with the necessary skills to work alongside Al technologies. Building trust in Al decisions through transparency and
explainability of Al models can further enhance acceptance among financial professionals.

Overall, this study contributes to the growing body of research on Al adoption in financial decision-making by identifying
key barriers to the implementation of Al-based bankruptcy prediction models. The insights provided can guide organizations,
policymakers, and technology developers in overcoming these barriers and promoting the responsible and effective use of Al
in financial forecasting.
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