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Abstract:

The aim of this study is to identify the components of corporate stock returns using novel composite variables in the Tehran Stock Exchange.
Employing a systematic review and meta-synthesis approach, the researcher analyzed the findings and outcomes of previous scholars.
Through the application of the seven-step method proposed by Sandelowski and Barroso, the influential factors were identified. Out of 553
articles, 51 were selected based on the CASP method, and the validity of the analysis was confirmed with a Kappa coefficient of 0.747. In
this context, the Kappa index was used to assess reliability and quality control, and the value indicated an excellent level of agreement for
the identified indicators. The analysis of the collected data using MAXQDA software led to the identification of 48 initial concepts based on
12 indicators across 4 dimensions. To identify the components of stock returns using novel composite variables in the Tehran Stock
Exchange, the meta-synthesis technique was applied. The identified dimensions include financial and economic factors, behavioral and
emotional factors, technological and data-driven factors, and institutional and regulatory factors. The findings of this study indicate that
stock returns are influenced by a network of diverse factors that interact in complex ways. Attention to these factors and the adoption of
appropriate strategies in investment management, economic policymaking, and the development of technological and regulatory
infrastructures can enhance market efficiency and increase investor returns. Therefore, innovative and comprehensive analytical
approaches are deemed essential for a better understanding of the mechanisms influencing the stock market.
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Extended Abstract

Introduction

The complexity of financial markets in the 21st century has led to a growing need for advanced predictive models that can
capture the multidimensional nature of stock returns. Traditional linear models often fall short in reflecting the nonlinear,
dynamic interactions among macroeconomic, behavioral, technological, and institutional variables. Recent studies have
emphasized the significance of integrating diverse indicators to enhance the accuracy and reliability of forecasting models
(Chen et al., 2022; Das et al.,, 2022). In this regard, novel composite variables—combinations of financial, emotional,
algorithmic, and regulatory indicators—offer an advanced analytical framework for stock return analysis, particularly in
emerging markets like Iran.

Numerous global studies have explored various predictive mechanisms for stock market behavior. For instance, (Akyildirim
et al., 2022) compared high-frequency forecasting methods and showed that hybrid approaches outperformed standalone
linear models. Similarly, (Anderson et al., 2025) analyzed the impact of economic conditions on Piotroski’s F-Score,
demonstrating the importance of context-sensitive indicators. Additionally, (Melina et al., 2023) developed a conceptual
model integrating extreme value theory with machine learning to assess investment risk, reflecting the global shift toward
hybrid financial forecasting tools.

From a behavioral standpoint, researchers have increasingly turned their attention to cognitive biases and investor
sentiment as key determinants of short-term volatility. (Sakariyahu et al., 2024) highlighted the role of noise trading and
psychological factors in asset pricing, while (de Sousa-Gabriel et al., 2024) demonstrated how social media and pandemic-
induced fear cycles influenced global equity returns. These insights confirm that investor behavior, beyond economic
fundamentals, must be accounted for in comprehensive forecasting models.

Moreover, technological developments have transformed financial prediction methodologies. Tools such as LSTM
networks, GARCH-MIDAS models, and deep neural architectures have shown substantial promise in anticipating market
volatility with higher precision. For example, (Haghighi Naeini et al., 2023) introduced a hybrid VMD-LSTM model tailored for
the Tehran Stock Exchange, achieving high predictive accuracy. Likewise, (Samal & Dash, 2023) combined decision-making
algorithms with extreme learning machines, yielding improved performance in market trend prediction.

Institutional and regulatory variables also contribute significantly to investor confidence and stock return behavior. Studies
such as (Chen & Alexiou, 2025) and (Kazak et al., 2024) emphasized the impact of financial transparency, corporate
governance, and global risk factors on market stability. The influence of these factors is particularly pronounced in developing
markets, where regulatory mechanisms often undergo rapid transformation and investor protection standards vary.

In the context of Iran, the Tehran Stock Exchange (TSE) has become a focal point of economic activity, drawing both
institutional and individual investors. However, the market's volatility, sensitivity to political events, and inconsistent data
disclosure practices pose challenges for accurate forecasting. Domestic studies such as (Rostami et al., 2023), (Nasiri et al.,
2023), and (Monjazeb et al., 2023) have attempted to address these issues through advanced econometric modeling, but
often lack integration of multidimensional inputs. This research responds to that gap by utilizing a systematic meta-synthesis
methodology to identify key composite variables influencing stock returns in the TSE.

Methods and Materials
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This study adopts a qualitative meta-synthesis (meta-combination) approach to identify the essential components
affecting stock returns in the Tehran Stock Exchange. The research process follows the seven-step framework proposed by
Sandelowski and Barroso, including the formulation of research questions, systematic review of literature, screening and
selection of relevant studies, data extraction, thematic synthesis, quality control, and presentation of findings.

A total of 553 articles were initially retrieved from major academic databases, including Web of Science, Scopus, and
prominent Persian repositories. After multiple screening phases, including relevance check and methodological validation
using the CASP checklist, 51 high-quality studies were selected for analysis. The MAXQDA software was employed to code
and synthesize qualitative data from the selected studies.

In the coding phase, 48 core concepts were identified, categorized under 12 indicators, and grouped into four main
dimensions: financial and economic factors, behavioral and emotional factors, technological and data-driven factors, and
institutional and regulatory factors. These categories were derived inductively based on the repetition and significance of
themes across the literature.

Findings

The analysis revealed that stock return behavior in the Tehran Stock Exchange is governed by a complex network of factors
that operate in dynamic interplay. Financial and economic factors such as price-to-earnings ratio (P/E), return on assets (ROA),
inflation rate, GDP growth, and interest rates were found to be foundational to return prediction. These variables influence
investor expectations and corporate performance, thereby serving as key inputs in predictive modeling.

Behavioral and emotional variables emerged as the second most influential dimension. Investor sentiment, herding
behavior, overconfidence, and loss aversion significantly contributed to short-term price fluctuations. Events such as sudden
market shocks or the dissemination of major news via social media platforms were found to trigger disproportionate
emotional reactions among investors.

Technological and data-driven factors, including the use of artificial intelligence, machine learning algorithms, big data
analytics, and algorithmic trading, constituted the third category. These elements enable market participants to process vast
amounts of data rapidly and generate more accurate forecasts. The integration of predictive models like LSTM, NLP sentiment
analysis, and high-frequency trading algorithms was observed to significantly enhance market efficiency and reduce
uncertainty.

Institutional and regulatory factors comprised the fourth dimension. These included transparency in financial reporting,
board structure, shareholder rights protection, and the role of regulatory bodies. Enhanced regulatory oversight and
corporate governance practices were linked to reduced market manipulation, increased investor trust, and greater market
stability.

Discussion and Conclusion

The findings of this research underscore the multifaceted nature of stock return determinants in the Tehran Stock
Exchange. The identified four-dimensional framework—financial, behavioral, technological, and institutional—offers a
comprehensive lens for analyzing and forecasting stock performance in volatile and rapidly evolving markets.

From a financial perspective, it is evident that macroeconomic stability and firm-level performance metrics remain
foundational to return analysis. However, the nonlinearity of market reactions to these variables necessitates the use of

advanced modeling techniques that can capture dynamic interactions. The incorporation of behavioral finance variables
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enriches the predictive framework by accounting for psychological distortions that often drive market anomalies and short-
term volatility.

Technological advancements are not merely supportive tools but have become central to contemporary financial analysis.
The ability to integrate Al-based forecasting models into investment strategies provides significant strategic advantages.
Moreover, the role of big data and real-time analytics in capturing investor behavior and market sentiment cannot be
overstated.

Institutional integrity and governance structures emerge as stabilizing forces in this equation. In a market like Tehran’s,
where external shocks and political uncertainties are prevalent, robust regulatory frameworks and transparent financial
disclosures are crucial in mitigating systemic risk and fostering investor confidence.

This research makes a methodological contribution by employing a meta-synthesis approach, allowing for the extraction
and integration of diverse research findings into a unified analytical model. By identifying 48 core concepts across 12
indicators and 4 dimensions, the study provides a robust foundation for developing hybrid predictive models tailored to
emerging financial markets.

Looking ahead, the integration of novel composite variables in predictive modeling offers a promising path for improving
the accuracy and applicability of financial forecasts. Policymakers, institutional investors, and financial analysts are
encouraged to adopt multidimensional frameworks that incorporate behavioral, technological, and regulatory variables
alongside traditional economic indicators. Such comprehensive approaches are essential for navigating the increasingly

complex terrain of modern stock markets.
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